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ABSTRACT

Purpose & Objectives: The research aims to analyze how Al-powered investment tools affect retail investors'
decision-making, risk assessment, and portfolio management. It also explores the factors driving Al adoption
and the challenges faced by investors in leveraging such technologies.

Methodology: A mixed-methods approach was employed, combining quantitative surveys of retail investors
and qualitative interviews with financial experts. The study utilized statistical techniques to assess investor
behavior, risk tolerance, and the overall impact of Al-driven investment tools.

Results: Findings suggest that Al-based tools significantly enhance investment accuracy, risk assessment, and
portfolio diversification for retail investors. However, concerns regarding data security, algorithm transparency,
and over-reliance on automation were observed. The study also highlights variations in Al adoption based on
investor experience and financial literacy.

Conclusion: Al-driven tools have emerged as valuable assets for retail investors in Mumbai’s stock market,
improving decision-making efficiency and accessibility to sophisticated financial insights. However, regulatory
frameworks, investor awareness programs, and Al transparency need to be strengthened to ensure sustainable
and informed usage.
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1. INTRODUCTION

Retail investors in Mumbai’s stock market have traditionally relied on brokers, financial advisors, and personal
research to make investment decisions. The investment landscape has often been dominated by institutional
investors, leaving retail investors with limited access to sophisticated market insights and real-time trading
strategies. However, the rise of artificial intelligence (Al) has introduced a paradigm shift, providing retail
investors with advanced tools that were once exclusive to large financial institutions.

Al-driven platforms offer a range of services, including predictive analytics, automated trading, and
personalized financial advice. These innovations allow retail investors to make more informed decisions,
minimize risks, and optimize their investment portfolios. Robo-advisors, Al-powered sentiment analysis, and
machine learning models are transforming how individuals interact with stock markets, enhancing their ability
to navigate volatile market conditions.

Despite these advantages, Al-driven investment solutions also present challenges. Concerns about algorithmic
biases, the potential for market manipulation, and the ethical implications of Al-driven decision-making
continue to be debated. Additionally, regulatory frameworks need to evolve to ensure that Al-driven financial
services remain transparent, accountable, and fair to all market participants.

This paper investigates how Al-driven tools influence investor participation and decision-making in Mumbai’s
stock market. By examining the benefits and challenges of Al adoption, we aim to provide a comprehensive
analysis of the role Al plays in democratizing financial markets and reshaping investment behaviors.

1.1 Problem of Statement

The rapid advancement of Artificial Intelligence (Al) in financial markets has transformed investment
strategies, yet its impact on retail investors remains underexplored. Many retail investors in Mumbai lack
awareness and understanding of Al-driven tools, leading to suboptimal investment decisions. There is a gap in
research on how Al influences investor behavior, risk assessment, and portfolio management among individual
investors. The lack of trust and perceived complexity of Al-based investment solutions further hinder adoption.
This study aims to investigate the challenges and opportunities Al presents for retail investors, providing
insights into its effectiveness in enhancing financial decision-making.

1.2 Research Objectives
a. To examine the impact of Al-powered trading applications on retail investors’ decision-making processes in
Mumbai’s stock market.
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b. To assess the perceived usefulness and ease of use of Al-driven investment platforms among retail investors.

c. To analyze the role of heuristics and market psychology in influencing investors' trust and adoption of Al-
based trading tools.

d. To evaluate the influence of market conditions on retail investors’ reliance on AI-driven trading applications.

2. LITERATURE REVIEW

Existing research highlights the role of Al in financial markets, emphasizing algorithmic trading, machine
learning-based sentiment analysis, and Al-powered advisory services. While studies demonstrate the benefits of
Al in enhancing investment accuracy, concerns about market manipulation and investor dependency on
automated systems remain. This section synthesizes prior research and identifies gaps for further exploration.

Smith, J. (2020). This study explores the fundamental role of Al in stock market prediction, emphasizing its
impact on retail and institutional investors. The research outlines how Al-driven models have improved
forecasting accuracy, enabling investors to make more data-driven decisions while also discussing the
limitations of Al in unpredictable market conditions.

Lee, K. & Brown, R. (2019). This research highlights the benefits and risks of algorithmic trading for individual
investors, including its effects on market volatility. It elaborates on how Al-driven trading strategies can
enhance execution speed and reduce costs while also cautioning against potential risks such as flash crashes and
algorithmic anomalies.

Gonzalez, P. & Chen, M. (2021). This paper examines the impact of Al-driven financial advisory systems on
retail investors’ decision-making and portfolio management. It provides empirical evidence on how robo-
advisors have democratized access to financial planning services, allowing retail investors to create diversified
portfolios with lower fees compared to traditional financial advisors.

Patel, R. & Sharma, D. (2022). This study discusses how Al leverages sentiment analysis of financial news and
social media to predict stock market trends. The research highlights how natural language processing (NLP)
techniques extract valuable insights from vast amounts of unstructured data, influencing short-term stock price
movements. However, the study also warns of the risks of misinterpreting sentiment data and the possibility of
algorithmic biases distorting market sentiment.

Kumar, S. & Mehta, L. (2023), This research evaluates the ethical and regulatory challenges associated with
Al-driven investment strategies. The study argues that while Al enhances efficiency and market access, it also
raises concerns about accountability, data privacy, and algorithmic fairness. The authors call for stronger
regulatory frameworks to ensure transparency and investor protection in Al-driven trading environments.

3. RESEARCH METHODOLOGY

This study adopts a quantitative research approach to examine the impact of Al-driven trading applications on
retail investors in Mumbai’s stock market. A descriptive and causal research design is used to explore how Al
adoption, perceived usefulness, ease of use, heuristics, and market conditions influence investor decision-
making. Primary data was collected through a structured survey questionnaire distributed among 222 retail
investors, ensuring a balanced representation across age, gender, education, and income levels. Convenience
sampling was employed to target investors actively using or considering Al-based trading platforms.

The research utilizes statistical analysis techniques to test the hypotheses. Reliability analysis (Cronbach’s
Alpha = 0.902) confirms internal consistency, while descriptive statistics analyze demographic factors and Al
adoption trends. Multivariate regression (MANOVA) and ANOVA tests assess the relationship between Al
adoption, trust, and investor behavior, determining the significance of independent variables (IVs) such as
market psychology, heuristics, and perceived ease of use on dependent variables (DVs) like trust in Al, reliance
on Al, and trading efficiency. The findings provide valuable insights into how Al-powered trading platforms are
reshaping retail investor behavior, influencing adoption rates, decision-making efficiency, and market
confidence.

3.1 Research Hypotheses
H1: There is a positive relationship between perceived usefulness of Al-driven trading applications and retail
investors’ decision-making efficiency.

H2: The perceived ease of use of Al-powered investment platforms positively influences their adoption among
retail investors.
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H3: Retail investors who rely on heuristics and market psychology are more likely to trust Al-driven trading
applications.

H4: Market conditions significantly affect the rate of adoption and reliance on Al-based trading tools among
retail investors.

3.2 Integrated Theoretical Framework

The rapid advancement of Artificial Intelligence (Al) in financial services has transformed retail investing, yet
its adoption remains uneven. This study integrates the Technology Acceptance Model (TAM) and Behavioral
Finance Theories to analyze the key drivers and barriers influencing Al adoption among retail investors. While
TAM explains the perceived usefulness and ease of use, Behavioral Finance explores cognitive biases affecting
investment decisions. Understanding these factors is crucial for financial institutions to enhance Al-based
investment solutions. This research aims to provide insights into investor behavior, aiding in the development of
more accessible and trustworthy Al-driven financial tools.

Research Model: Al Adoption Among Retail Investors

Perceived Usefulness

Perceived Ease of Use Decision-Making Efficienc:

\m‘in Al Algormm(//
(Medlator)\

-deuristic Decision-Making Adoption of Al Trading Apg

Market Conditions Reliance on Al Tools

Figure 1: Showing the Research model of Integrated Theoretical Framework integrates the Technology
Acceptance Model (TAM) and Behavioral Finance Theories to understand Al adoption in retail investing:

4. RESULT & DISCUSSION:

This study explores investor demographics, stock market engagement, and the adoption of Al-powered trading
applications. By analyzing trading behavior, investment frequency, and perceptions of Al tools, it uncovers
patterns in investment decision-making. The findings provide insights into Al's role in shaping modern trading
practices and investor challenges in integrating technology.

Table 1; Shows the Reliability Test of the measuring Variables.
Reliability Statistics
Cronbach's Alpha|N of Items

902 18

This study Cronbach’s Alpha (0.902) indicates excellent internal consistency, meaning the 18 items reliably
measure the same construct. The standardized alpha (0.930) suggests even stronger reliability when accounting
for differences in variance. Since the value is high, your items are well-structured, but you might check for
redundancy using item-total correlation analysis. If needed, a factor analysis could reveal underlying
dimensions.

Table 2: Show that Demographic Result given in the following:

Demographic Profile Frequency Percent
Age 18-24 44 19.8
25-34 47 21.2
35-44 55 24.8
45-54 41 18.5
Above 55 35 15.8
Total 222 100.0
Gender Male 117 52.7
Female 105 47.3
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Total 222 100.0
Education Level High School 41 18.5
under Graduate 41 18.5
Graduate 52 23.4
Post-Graduate 47 21.2
Professional 41 18.5
Certification
Income Level Below %2,00,000 41 18.5
%2,00,000 - Z5,00,000 67 30.2
Z5,00,000 - 210,00,000 65 29.3
Above 210,00,000 49 22.1
Total 222 100.0

Demographic Profile Analysis & Interpretation

1. Age Distribution:

The largest age group is 35-44 years (24.8%0), followed by 25-34 years (21.2%) and 18-24 years (19.8%),
indicating a relatively balanced distribution across different age groups. The proportion declines after 45 years
(18.5%) and Above 55 (15.8%0), suggesting a younger workforce or participant base.

2. Gender Composition:
The sample consists of 52.7% males and 47.3% females, showing a nearly balanced gender representation
with a slight male majority. This indicates inclusivity in data collection.

3. Education Level:

The respondents are well-educated, with 23.4% being graduates and 21.2% having post-graduate degrees. A
significant portion holds professional certifications (18.5%), undergraduate degrees (18.5%), or high
school education (18.5%). The spread suggests diverse educational backgrounds among participants.

4. Income Level:

The majority earn between %2,00,000-%5,00,000 (30.2%) and %5,00,000-%10,00,000 (29.3%), reflecting a
middle-income demographic. A substantial 22.1% earn above ¥10,00,000, while 18.5% fall below 2,00,000,
highlighting an economically diverse group.

Key Insights:
e The age and education distribution suggest a well-diversified, working-age population.
o Gender balance improves the representativeness of the findings.

e The income variation indicates a broad financial spectrum, making the study relevant for different
economic groups.

e A deeper analysis, such as cross-tabulation, could reveal relationships between demographics (e.g., how
income varies by education).

» Analysis of Stock Market Investments
How often do you make stock market investments?

Daily 270
Weekly 26.6
Monthly 24.3
Occasionally 224
0 5 10 15 20 25 30

B How often do you make stock market investments? Percent

Figure 2 : Stock Market Investments
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The majority of respondents invest weekly (26.6%) or daily (27.0%), indicating a high level of market
engagement. Monthly investors (24.3%) form a significant portion, while occasional investors (22.1%)
represent those with less frequent participation. The cumulative percentage shows that 73% invest at least
weekly, highlighting a strong inclination toward active trading. This suggests a financially aware group,
possibly with a keen interest in market trends.

Years of Trading Experience
270
More than 5 years
I 239
J-byears
1-3years San
Less than 1 year San
22 23 24 25 26 27 2B
Years of Trading Experience: Percent

Figure 3 : Trading Experience

The data shows a fairly even distribution of trading experience among respondents. 27.0% have more than 5
years of experience, indicating a strong presence of seasoned traders. Meanwhile, 24.8% are beginners (less
than 1 year), and 24.3% have 1-3 years of experience, reflecting a significant portion of relatively new
investors. Those with 3-5 years of experience (23.9%0) form a transitional group. The cumulative percentage
shows that 73% have at least 3 years of experience, suggesting a well-informed investor base.

How quickly did you adopt Al-powered stock
trading apps after learning about them?

Immediately I 314
Within a month 414

Within six months 1176
Maore than six months 199

L] 10 20 30 40 50

How guickly did you adopt Al-powered stock trad ing apps after learning about
them? Percent

Figure 4 : Adoption Speed of Al-Powered Stock Trading Apps

A significant 72.5% of respondents adopted Al-powered trading apps within a month or immediately,
indicating strong interest and trust in Al for trading. The largest group (41.4%b) started within a month, while
31.1% adopted immediately, suggesting excitement about Al-driven investing. However, 27.5% took six
months or longer, possibly due to skepticism, lack of knowledge, or reluctance to change. Understanding
adoption barriers—such as age, education, or perceived ease of use.

803




International Journal of Advance and Innovative Research -
Volume 13, Issue 2: April - June 2026 ISSN 2394 - 7780

How easy is it for you to use Al-powered stock
trading apps?
Very Easy I 215
Easy I 26.1
Meutral | s
Difficu it ' 16.7
Very Difficult | 1153
0 5 10 15 20 25 30
~ How easy is it for you to use Al-powered stock trading apps? Percent

Figure 5: Ease of Using Al-Powered Stock Trading Apps

A majority of respondents find Al-powered trading apps Easy (26.1%) or Very Easy (22.5%b), indicating a
positive user experience (48.6% combined). However, 32% face difficulties, with 16.7% finding them
Difficult and 15.3% Very Difficult, suggesting usability concerns. The Neutral group (19.4%) may indicate
users still adapting. This highlights a need for better UI/UX design, educational support, or training to
enhance accessibility for all investors.

» Hypothesis Testing:

H1: "There is a positive relationship between perceived usefulness of Al-driven trading applications and
retail investors’ decision-making efficiency."

This test examines how perceived usefulness of Al trading apps (IV) affects decision-making efficiency
(DV).

Key Findings — How Al Decision-Making

I rely on Al-powered trading apps for 3.204 0.000 | Al usefulness significantly improves
decisions. reliance on Al for trading decisions.
Al-powered trading apps accurately 3.190 0.000 | Al helps investors process market
account for market sentiment and sentiment efficiently.

investor behavior.

| trust the heuristics used by Al- 2.778 0.000 | Investors trust Al-driven heuristics
powered trading apps. for decision-making.

Al-powered trading apps help me 3.554 0.000 | Al usefulness enhances
understand market psychology better. understanding of market

psychology.

Interpretation:

The results strongly support H1, showing that the perceived usefulness of Al-driven trading apps significantly
enhances retail investors' decision-making efficiency. Investors who find Al useful are more likely to rely on
Al for trading decisions (F = 3.204, p = 0.000), efficiently process market sentiment (F = 3.190, p = 0.000),
trust Al-driven heuristics (F = 2.778, p = 0.000), and better understand market psychology (F = 3.554, p =
0.000). These findings highlight AI’s critical role in shaping investor confidence and market.

The findings strongly support H1, confirming that AI’s perceived usefulness positively influences retail
investors’ decision-making efficiency. Al-powered trading apps significantly enhance market interpretation,
reliance on Al, and trust in Al-driven heuristics, leading to more informed and confident investment decisions.
As Al technology continues to evolve, its role in investment decision-making will likely expand, further shaping
investor behavior and market strategies.

H2: ""The perceived ease of use of Al-powered investment platforms positively influences their adoption
among retail investors.™
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Key Findings — How Ease of Use Affects Al Adoption

| enjoy experimenting with new Al- | 37.203 0.000 | Ease of use strongly encourages Al
powered tools. experimentation.

| am an early adopter of new | 4.475 0.002 | Weaker effect—ease of use has some
technology. influence on early Al adoption.

I rely on Al-powered trading apps for | 26.659 0.000 | Ease of use significantly impacts Al
decisions. reliance in trading.

My adoption of Al-powered trading | 35.031 0.000 | Ease of use also plays a strong role in Al
apps is influenced by market adoption based on market conditions.
conditions.

Interpretation:

The findings support H2, confirming that the ease of use of Al-driven trading apps significantly influences
investor behavior. Investors who find Al tools easy to use are more likely to experiment with them (F =
37.203, p = 0.000), rely on Al for trading decisions (F = 26.659, p = 0.000), and adopt Al based on market
conditions (F = 35.031, p = 0.000). While ease of use has a weaker effect on early adoption (F = 4.475, p =
0.002), it remains statistically significant. Overall, H2 is accepted, highlighting that user-friendly Al tools
encourage adoption, reliance, and experimentation, ultimately improving decision-making efficiency.

H3: “Impact of Heuristics & Market Psychology on Trust in AI Trading Apps”

This analysis examines whether reliance on heuristics and market psychology affects trust in Al-driven trading
applications.

Trust in Al Accuracy 3.492 0.000 Significant impact of heuristics & psychology on
trustin Al.

Positive Attitude 4.272 0.000 Heuristics & psychology strongly influence Al
Toward Al acceptance.

Interpretation:

H3 is accepted. The results show a significant impact of heuristics and market psychology on trust in Al-
driven trading applications (F = 3.492, p = 0.000) and positive attitude toward Al (F = 4.272, p = 0.000).
This confirms that investors who rely on heuristics and market sentiment are more likely to trust Al for trading
decisions. AI’s ability to analyze market behavior plays a key role in shaping investor confidence and adoption.

H4: Market conditions significantly affect the rate of adoption and reliance on Al-based trading tools
among retail investors.

This table examines how market conditions and other factors influence:
1. Reliance on Al-powered trading apps for decision-making

2. Adjusting Al usage based on market conditions
Key Independent Variables Affecting Al Reliance & Adjustment

(Market p = 0.001 p = 0.000 Market conditions significantly
Conditions) influence Al reliance and
adjustment.
(Other p =0.000 p =0.010 Other external factors also
Influencing impact Al reliance and
Factors) adjustments.
(Interaction p =0.063 p =0.706 No strong interaction between
Effect) market conditions and other
factors.
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The findings indicate that market conditions significantly impact Al reliance (p = 0.001) and adjustments
in Al use (p = 0.000), confirming that investors adapt their Al-driven trading strategies based on market trends.
Additionally, other external factors also influence Al reliance (p = 0.000) and adjustments (p = 0.010),
suggesting that multiple variables shape Al adoption. However, the interaction effect between market
conditions and other external factors is not significant (p = 0.063, p = 0.706), indicating that these
influences act independently rather than amplifying each other.

Since the interaction effect is not statistically significant, H4 is not supported. While market conditions and
other factors individually impact Al reliance and adjustments, they do not interact in a way that strengthens
their combined effect on Al usage.

5. CONCLUSION

This study confirms that Al-driven trading applications significantly impact retail investors' decision-making,
adoption behavior, and market confidence in Mumbai’s stock market. Perceived usefulness and ease of use
strongly influence Al adoption, while trust in heuristics and market sentiment analysis enhances investor
confidence in Al-based tools. Market conditions also play a role, but their interaction with other external factors
is not statistically significant. The findings highlight the need for better financial literacy, user-friendly Al
interfaces, and regulatory frameworks to ensure fair Al adoption. As Al continues to evolve, its role in retail
investing will expand, transforming investment strategies and democratizing financial market access.

» RECOMMENDATIONS & FUTURE SCOPE

Accelerating the adoption and effectiveness of Al-driven trading applications requires financial institutions to
improve Al literacy and investor education by offering training programs and resources that help retail investors
understand Al-driven financial tools. Developers must design user-friendly Al-powered platforms to ensure
accessibility, especially for beginner investors. Policymakers should establish robust regulatory frameworks to
address concerns related to algorithmic biases, transparency, and investor protection. Investors need to
implement risk mitigation strategies to prevent over-reliance on Al, ensuring well-balanced and informed
trading decisions. Financial professionals can optimize decision-making by integrating Al analytics with human
expertise, allowing investors to leverage technology while applying personal judgment.

This study paves the way for several future research directions. Researchers should conduct long-term studies to
assess the lasting impact of Al adoption on retail investor performance. Comparing retail and institutional
investors will provide insights into how Al-driven strategies differ between individual traders and financial
firms. Expanding research to other emerging stock markets will help identify variations in Al adoption across
different economic and regulatory environments. Scholars must explore ethical concerns in Al-driven financial
decisions, particularly focusing on reducing biases and ensuring fair market practices. Future studies need to
investigate AI’s role in behavioral finance, analyzing how Al influences investor psychology, risk perception,
and emotional decision-making. As Al continues to reshape financial markets, technology developers,
regulators, and financial educators must drive continuous advancements to ensure sustainable and ethical Al
adoption.
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